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Current Trends of Imputation Methods for Statistical Surveys
in Foreign Countries

Nobuyuki Sakashita

Abstract

While maintenance and enhancement of accuracy in official statistics are emerging as urgent
issues, treatment of missing data or outliers is their substantial element. Looking around the
world, those literatures referenced until today appear from the mid-1980s. Since the beginning
of this century, the matter has been actively discussed at the United Nations and other places.

In this paper, we investigated the recent trends in the United States and European countries,
and for the United States, we studied the status of the projects which are continuously taking
place on population census.

As a result, we found that, in the United States where the amount of the case unable to contact
census targets is a problem, use of administrative records is becoming a issue, both in terms of
contact strategy and supplement of the data for uncontactable targets, and imputation is an issue at
the time of field enumeration. In Canada and European Countries, although research outcome have
been scarce due to the effects of the coronavirus pandemic, various projects are ongoing in the area
such as the use of administrative records on imputation, the application of machine learning, and the

development and sharing of systems.
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